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ABSTRACT : Word tagging is one of the important processes in computational linguistics studies. It provides detailed information about the
grammatical part of speech (PoS) to the researcher. However, tagging process is not an easy process particularly when relating to Arabic text.
One of the main reasons that led to this situation is the fact that many Arabic word characters (space between characters) could contain more
than one word. Thus, this paper aims to revisit our experience in tagging Arabic words and to highlight critical issues related to the process. It
also aims to validate the possibility of using computer analyzer software, namely Wordsmith 5.0 for Arabic texts. Using several Arabic texts
from newspapers as examples, this paper reveals how the tagging process was executed using a self-constructed tag set. It also discusses the
issues and linguistic factors considered in constructing the tag sets. This includes the differences that exist between Arabic word characteristics
in writing and their articulation. This paper finally stresses the more complicated issues in tagging Arabic words in relation to the fact that
Avrabic has the affixation and diacritics systems. The application of short vowels and orthographic diacritics in Arabic language also contributes
to the phenomenon. Despite this fact, this paper also proves that a researcher can make the tagging process simpler by focusing on certain
grammatical features, aiming the tagging for word disambiguation and applying an appropriate analyzing software.
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1. INTRODUCTION

Word tagging in text is very important for various applications in natural language processing (NLP) (Suvanto Minerva, 2025; Abdelhamid,
Abdellah and Aouragh, 2011) including the automatic computational analysis studies as it enables the researcher to analyze Arabic words in texts
given in high accuracy. According to Nizar Habash (2010), tagging process or Part-of-speech (PoS) tagging is the task of assigning a contextually
appropriate morpho-syntactic tag to every word in a sentence. Without the process, the researcher would not know what grammatical features that
exist in the analyzed words as they are treated separately from contexts by the analysis software. As a result, the systematic analysis on language
used could not be performed accordingly. The reason is that the computer software normally will consider the analyzed word as a single character
regardless of its context. According to Baker, Hardie and McEnery (2006), the tagged corpus is a corpus with the additional information added to
the corpus data that enables the researcher to carry out a more sophisticated analysis.

Therefore, the more detailed tagging process is performed, the more accurate grammatical information is obtained by the researcher.
However, it will depend on the aim and objective of a particular study to what extent the study is carried out in language use. This is because
tagging is a pre-step process before the next step language style analysis and the aim of the analysis has great contribution in deciding on how
deep the tagging is needed in the corpus.

2. TYPE OF TAGGING
Generally, there are two types of corpora tagging. Both play roles in giving specific information of the analyzed words in the corpus but in different
perspectives. The first type of corpus is called the tagged corpus, which is a corpus additional information added to the corpus data that enables
the researcher to carry out a more sophisticated analysis (Baker et al, 2006). The type of tagging is normally assigned to words according to their
grammatical categories. Specific tag sets represent the morphological, syntactical or semantic characteristics of words or the characteristics of
constituents or sentences. To fully use the computer’s potential, the linguistics nature of the text must be stored in the computer to analyze and
process large amount of natural language data (Vinay Dwivedi, (2024).

The second kind of tagging is called a parsed corpus. The parsed corpus is somewhat like the first kind of tagging, especially in terms
of purpose and method of application. However, there are slight differences between them as the corpus is parsed to indicate its syntactic structure.
The words tagged in parsed corpus are therefore not treated as separate grammatical categories, as in the tagged corpus, but are judged from the
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start and end points of units such as noun phrases, verb phrases and clauses. The parsed corpus may also add information about how the syntactic
units relate to one another (Baker et al, 2006).

3. AUTOMATIC TAGGING AND MANUAL TAGGING

Tagging the corpus normally is not an easy task especially when the researcher decides to tag them manually. In normal practice, automatic tagging
is preferred as it would save a lot of time and avoid human error, while the manual tagging is only reasonable for small sized data. As the corpus
normally contains thousands or even millions of words that need to be tagged, the automatic tagger is preferable to all researchers.

Nevertheless, the fact does not deny the role of manual tagging in providing sufficient grammatical information to the researcher
especially when the data is very small and untagged before. In such a situation, human manual tagging is inevitably called for directly tagging
each token (Antonio Branco and Joao Silva, n.d.). The data containing several thousand words might not be very hard to tag manually. However,
it should be stressed that the smaller the size of the corpus, the smaller its probability to be generalized to represent the real language use. Realizing
that the aim of this paper was to revisit our experience and highlight how the tagging process plays role in Arabic word analysis through examples
from several texts and some related issues, the size of the corpus is not a big deal.

The automatic tagging, although has more benefits for this kind of studies, the researcher or corpus compiler first must make sure the
automatic tagger software is available to him or her. A lot of preliminary studies must be done to decide what type of software is compatible for
his or her study. It should also be mentioned that several taggers are not compatible with Microsoft Windows (WS) or MAC but only operate on
Linux operating system. Therefore, the in-depth knowledge relating to the computer operating system is also highly required before embarking on
the use of automatic tagging software. There are several automatic taggers that can do Part of Speech (PoS) tagging with more than 90% accuracy,
such as MADA+TOKAN, Automatic Part of Speech Tagger (APT), Support Vector Machine (SVM), TAGARAB and others (Zainur Rijal, 2011).
Today, systems for automatic tagging of word groups (morphological analysis, word-class tagging) and automatic tagging of sentence fragments
(syntactic analysis, parsing) have been developed (Abdurashetovna, 2023)

In contrast, manual tagging is more flexible to the researcher with limited knowledge about computer programming and operating
systems. Besides, manual tagging will enable him or her to set how detailed tagging is needed according to the aim of studies. For instance, if the
researcher decided to analyze the verb in terms of perfect and imperfect, he or she might not need the tagging in terms of transitive and intransitive
verbs, while the automatic taggers will tag them all in detail without exception. As the data of corpus is stored in Microsoft Word, the process of
manual tagging can be done in the same operating system.

4. ISSUES IN ARABIC WORD TAGGING

Arabic language is a Semitic language with rich templatic morphology (Mona Diab, Kadri Hacioglu and Daniel Jurafsky, 2004). It uses a clitic
sound system which is implicitly embedded to the Arabic written text. Because of this character in the language, many Arabic words are similar
in writing but different in pronunciation. This leads to the problem of ambiguity which proves the extreme need of grammatical tagging. According
to Tlili-Guissa Yamina (2005), ambiguity in Arabic is enormous at every level; the absence of the representation of short vowels in normal texts
increases dramatically the number of ambiguities.

However, this problem does not only exist in Arabic language, t relatively in all world languages. However, the fact that Arabic language
faces this more complicated problem than other languages, it justifies the need of tagging in computational linguistics studies. This fact is due to
several words in Arabic are non-vocalized text that may have more than one tag due to ambiguous words and unknown words in which the
classification may depend on the word meaning (Boudchiche & Mazroui, 2015). Therefore, Nizar Habash and Owen Rambow (2005) have listed
at least four issues relating to Arabic language problem in word tagging. They notified that Arabic is a morphological complex language that needs
around 330,000 theoretically possible completely specified morphological analysis (Nizar, 2010), while the English normally need around 50 tags
only. Sandra Kubler and Emad Mohamed (2011) strengthen the fact by saying that there are a high number of inflections per word; and the tag set
is larger than the typical tag set for English.

This issue arises because some functional grammatical words such as conjunctions and pronouns can be combined to either noun or verb
in one word character. The word ¢l (to ask them), for instance, is built by three words s - Jiw - I (to — ask — them) that are combined in one
character. This would cause a different tagging from the word 4l (to ask him) due to differences in pronoun (a) and (). Secondly, they added
that the Arabic orthographic rules caused some parts of words to be deleted of modified when cliticization occurs. For example, the Ta-Marbuta
(5) appears as a regular Ta (<) when followed by a pronominal clitic. Simple segmentation of the pronominal clitic without recovering the Ta-
Marbuta could cause unnecessary ambiguity or add to the sparsity problem. Arabic also is written with optional diacritics that specify short vowels
and germination (consonant doubling) and they are usually absent in written Arabic, which contribute to the ambiguity. Finally, the writing system
also shows different levels of specificity in spelling some letters, for example, Alif-Hamzah above (1) can be spelled without the Hamzah as (1) and
ya () can be spelled without the dots as Alif-Magsura ().

As our work in tagging the text is specifically for the use of specific analysis software, some of the problems mentioned above are
automatically solved by the special feature of the software. For instance, the problem of difference between ya () with dots and ya magsura ()
without dots would be automatically separated by the software because of the different writing physically. The first and second problems are
solved when the separation process is used to separate between one character that contains more than one word such as a¢ll (to-ask-them) above.
However, there still needed tagging process to be done especially to solve the ambiguity issue in the third problem according to Habash and his
colleagues’ views. The tagging process therefore puts only the basic grammatical feature to cover the aim of this paper to demonstrate how the
tagging process plays its role.
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5. TAGGING PROCESS

As our job in our original corpus and example of analysis in this paper is exactly similar, we found that tagging process in both involved two steps,
firstly separating between words into one character by putting spaces between them, and secondly, putting grammatical tags for the ambiguous
words which expectedly could cause confusion by the analyzer software.

5. 1 Separation between words

This process is, however, only related to the single character that contains more than one word. In order to do this, we must define accurately what
the word is. According to (David Crystal, 2003), words in writing are defined as lexical units in a string of writing (bounded by spaces). However,
this identification is not always accurate as some lexical units are made up of more than one word. In English, for example, there is sometimes
more than one word between two spaces or blanks: e.g. the word ‘didn’t’ contains two words ‘did’ and ‘not’.

As discussed, Arabic words are full of connected groups of letters that contain more than one word and the software only identifies
words by picking out clusters between blanks. The tagging process was therefore mostly focused on separating the words in such groups, and this
was done by placing a space between the individual word components to enable the software to recognize each word separately. As mentioned,
the problem in Arabic is more complicated because individual words are very often not separated by spaces. This occurs more frequently in Arabic
than in English. As mentioned before, the word s¢lld (to ask them), for instance, actually contains three words: a - Jbs - 1 (to — ask — them).

For the automatic analysis, using computational software on word with such this feature in Arabic language could cause unreliable output
for our specific purpose and creates bigger trouble during the analysis process. This is because the software we use (Wordsmith) software was
built to recognize words by identifying characters between spaces. Some of the problems that the stemmer faces are that some letters that appear
to be affixes are in fact part of the word. Another problem is that some letters (for instance the long vowels) may change to other letters when an
affix is added, and so the letters should be changed back when that affix is removed.

In relation to this issue, Abdulkarim (1990) suggested solving this problem by dividing the word up and placing a space between the
individual components. Thus, instead of treating ~«{ld as one word, the researcher should write a - Jbes - 1 to make the components accessible to
computer software. However, al-Jaburi (1988) suggested transcribing Arabic into Latin fonts, as computer programs have many problems with
Avrabic fonts. Another solution proposed by ‘Abdulkarim is to set up word lists in which every word is represented with all the possible prefixes
and suffixes, which can be manually removed afterwards (Van Mol, 2003, 148). However, this method is impractical and time consuming because
the researcher did not realize that so many combinations of different prefixes and suffixes were possible.

Despite all these issues, word identification by recognizing characters between spaces is the best method for the analysis as the software
applied uses this method for analyzing. Since the selected software can identify words by recognizing groups of characters between spaces, the
most suitable approach is to apply Abdulkarim’s first suggestion: to separate all the components of a word by placing spaces between them. It
should be noticed that this is only feasible when the capacity of the corpus (data) is small while the large data practically uses the automatic
tagging.

The discussion above indicates that the encoding or tagging process would take place manually for this corpus. The researcher is aware
that there are some automatic tokenization and tagging software programs that can do Part of Speech (PoS) tagging with more than 90% accuracy
as mentioned before, such as MADA+TOKAN, Automatic Part of Speech Tagger (APT), Support Vector Machine (SVM), TAGARAB and others.
However, the researcher found that some of these automatic taggers are not easily available online and some of them are not applicable with
window Microsoft. We also found that most of the taggers are too detailed for extracting Arabic words into grammatical tagging in text. Extremely
detailed tagging could cause the analysis software (Wordsmith Software) to extract the words contrary to our aims of study. One of the aims in
our original work was to highlight the trend in word usage in Arabic media without giving more focus on grammatical features except in a few
cases. Therefore, the researcher demonstrates again all works that had been done in this paper by giving examples of analysis to explain several
issues we faced in tagging process.

5.2 Tagging the ambiguous words

Tagging was applied with the specific intention of ensuring that the corpus was compatible with the software, so that it could statistically analyze
the language aspects that were being targeted. In our view, the amount of detail required in the tagging of the corpus depends on the objective of
its compilation. Even though this present corpus is categorized as a raw corpus, it still needs simple encoding, although without involving the
extent of grammatical tagging used in a tagged corpus as mentioned before. The purpose of this simple tagging is merely to enhance the capability
of the software, which is unable to differentiate between words with similar spellings in different word categories, or what is called in corpus
linguistics words with ambiguity.

Any corpus may be exposed to the problem of word ambiguity, which could affect the results. Tagging, besides providing additional
grammatical information, is the main tool to avoid problems of ambiguity. According to Habash and Rambow (2005), Arabic words are often
ambiguous in their morphological analysis because of Arabic’s rich system of affixation and diacritics and the omission of disambiguating short
vowel and orthographic diacritics in standard orthography (Abdelkader et al., 2024; Al-Thaani & Abu al-Rub, 2009; Habash and Rambow, 2005).
The ambiguity problem occurs when there is a choice of two potential tags. For example, the word &as3 (t-h-d-th) might be a noun, depending on
the context and the (unseen) vocalization. Word analysis software would normally treat it as one word without differentiating the variations. If this
problem is not solved at an earlier stage, it will create defects in the analysis results (Scott, n.d).

The tagging process, therefore, focuses on solving this crucial problem by tagging several words using a very simple tag set in to make
ambiguous words distinguishable by the software. That is because, although it has been mentioned that Arabic actually, needs about 330,000 tags
for a complete tag set, reducing the tag set is always a focus of Arabic researchers. This explains why many researchers prefer to work with smaller
reduced sets as long as the analyzer software able to predict the grammatical features in analyzed word accurately (Nizar, 2010). Our aim of
tagging merely to solve the ambiguity problem helps us reduce the size of the tag set. The internal process of tagging takes place by putting a
hyphen between the word and the tagset. In the previous example <:s3might be several forms of a verb (tahaddatha, tahduthu, tuhdithu) or a noun
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(tahadduth). It was tagged as gasé cuasi for tahaddatha, caaaé ¢ass for tahduthu, Lezsé &ass for tuhdithu and <eae) &as for tahadduth. The table
below shows an example of possible ambiguous words with their tags.

Table 1: The example of word with possible tagging

Word Ambiguous word Grammatical feature Tag
S—d—gr-o &aai — tahaddatha verb — past — augmented — Ain aaad Eaaal
pobae — 2 3e — (puale — Jad
<& — tahduthu Verb — present — unaugmented - triliteral Didend Saa
S — 3 yaa— g jlas — Jad
st — tuhaddithu Verb — present — augmented — Ain gaad o
pobe — e — g liae — Jad
<aai - tahadduth Noun — general — infinitive - singular - hael G
3 e — Hhas—ale — aul
&asi— tuhdithu Verb — present — augmented — Alif Load Chan
GV -y e — g lae — Jad

Previous studies shown that noted that any tag set should reflect the word syntactic category based on its context for the purposes of resolving
lexical ambiguity (Jamilu Awwalu et al., 2020; Fatma Al-Shamsi & Ahmed Guessoum, 2006). In line with the fact, our tag sets explained in Table
1 were set up by four Arabic alphabets to represent each grammatical feature beginning from the general word classification to the more specific.
For the first letter, 2 (fa) stands for J=& (verb), ! (alif) for ~+ (noun) and  (ha) for <s,~ (particle). These letters come first right after the hyphen in
to differentiate between these three major categories of Arabic words. The second letter stands for the tense, in the case of a verb — either perfect
or imperfect while the third letter stands for unaugmented (mujarrad) and augmented (mazid) verb (please see appendix for the full tagset).

At this stage, the possibility of ambiguous word occurrence still exists although it becomes slimmer which justifies the need of the fourth
letter. That is because; several augmented verbs still have similar writing even though they might be different in pronunciation. For example, the
verb tuhaddithu and tuhdithu above show that both are augmented verbs. To solve the problem, the fourth letter comes to differentiate between
augmented verbs by clarifying the additional letter (cx=l for the verb tuhaddithu and <% for the verb tuhdithu).

The case of nouns is even simpler because most of the ambiguous words can be differentiated with only the first three letters in the tag
set. However, the standardization between nouns and verb makes the tag set in nouns contain four letters as occurred in verbs. A similar principle
was applied to the tag set forming in noun starting from general noun classification to the specific. It starts with clarifying the noun representing
by vowel (') that stand for ~ (noun), then explanation noun grammatical features such general noun or specific and the third letter comes to
represent mostly infinitive or adjective, meanwhile, the last letter represents the singular, dual and plural. The representation of each letter on
grammar classification is shown in Table 2 below:

Table 2: The representation of Arabic letters to word classification in tag set building

No | Representativeness Word classification English

1 | P Noun

2 s J=d Verb

3 e oala Specific

4 ¢ ele General

5 a O Place

6 ¢ e Other

7 U ddia Adjective

8 < 2 e Singular

9 & e Dual

10 |z e Plural

11 3 Ddas Infinitive
12 | o= g Juae Present

13 2 ok Past

14 | al Affirmative
15 3 e Inaugmented
16 e 2 e Augmented
17 |z Jsens Passive

18 |- pslae Active

19 |2 S Masculine
20 | o Caiga Feminine
21 | d Jeld Subject

2 |« Jpadi Comparative
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Table 2 above shows the representation of Arabic alphabets to grammatical features. As we can see that not all alphabets represent the first sound
of words, they represent e.g. alphabet <& is for 2,4. The most important thing, the table shows that some grammatical classes share the same
alphabet, for example, the sound . stands for = (past), x 3« (augmented) and ¢S« (place), while the sound z represents the grammatical class of
Jsex« (passive) and > (plural). However, it is not the case as these similar alphabets either located in different places in the tag set or already
differentiated by their major word categories before in the first or second alphabet. For instance, the sound » for =W comes second after the
sound < for J=4 (verb), the representative of 2 3 comes only at third in verb category and the representative of ¢S« comes third in noun category.

In short explanation, this situation can be described in Table 3 below:
Table 3: The example of similar representativeness to different tagging

No Representativeness Grammatical Example of Tag Tag Representative
Classification

1 a ol Ganed SN — 3 e — daba — Jaid

2 N O [@VEN A jda — (e — pald — al

3 ? 2 e fanad Ol - 33— e — Jad

Table 3 shows that all sounds of » were used in different places and situations as explained before. The classification of ¢/« and x 3 which both
come third were already separated by a major word classification in the first alphabet between verb and noun.

However, the analysis using the Wordsmith software gives the researchers an alternative to clarify between the ambiguous words rather
than merely depending on tagging. The concordance tool in the software, which can search and display all sentences containing a selected word,
was used to make it possible to clarify the category of the word by looking at its context. The software recognizes words by their physical
appearance, not their semantic meaning. Using the concordance to find what the neighboring words in the sentence are, is a useful method for
solving the ambiguity problem besides tagging.

5.3 Example of the Role of Tagging in Arabic Text Analysis

Nevertheless, the researcher strongly believes that the tag sets built have capability to give enough information on grammatical features in Arabic
texts for this kind of study especially relating to verb and noun. Although the encoding process may appear to be applicable only for the researcher’s
analysis, it is believed it can be improved for the use of other researchers working in other aspects of linguistics and that it will be useful for
Machine Learning research, as a training corpus to develop an automatic system to learn tokenization that can be applied to new texts, especially
with the existence of established tag sets.

For the time being, the larger corpora which normally contains thousands or millions of words would have to make use of automatic
tagger. It is almost impossible to tag them manually as it is time consuming and exposed to human error. To make the analysis simpler, tagging
process did not involve all particles as they were not included in the study objectives, even they may cause ambiguity either, for example the
particle Jd=3ll J and > <5~ — J were left untagged. Since the tagging process is done manually, the researcher had tried to minimize the process
by excluding all particles from the analysis.

The example of the tagging process involves 5 newspaper articles from online al-Ahram newspapers. The use of newspaper articles on
such this study is very effective to reveal the language as they report the most valuable events around the world. Apart from that, the news article
provides the field of idea sharing, suggestions and opinions that have been delivered through various types of newspaper article starting from
current issues section to politics, sports, entertainment, literature, and other (Hishamudin Isam and Norsimah Mat Awal, 2011). To prove the
capability of the researcher’s tagging in separating the ambiguous words, the analysis results from the Wordsmith software below explain the fact:

Table 4: The example of ambiguous words extracted according to tagging

N Word Frequency Percentage Text Percentage
356 el 1 0.04 1 20.00
357 JRVERIW 1 0.04 1 20.00

Table 4 above shows that the word I had been used in two variations; firstly, as noun and secondly as perfect verb. Both words use the same
spelling but different indication. Therefore, the tagging was used to separate between the same-spelling words to make it available for automatics
analysis by Wordsmith software. Without tagging, the computer software will treat all words with similar spelling as one word regardless of their
different indication because it operates by recognizing the physical characteristics of the word. The tagging was built specifically for this simple
analysis by putting hyphen between the ambiguous words and the tag without spacing.

Table 5: The example of ambiguous words extracted according to tagging

N Word Frequency Percentage Text Percentage
164 piad Jasd 2 0.08 1 20.00
431 el Jeas 1 0.04 1 20.00

Table 5 above shows a similar situation where ambiguous problems have been solved by putting tag between the same-spelling words. The word
Jas3 had been used in 2 variations in the corpus, firstly as an imperfect verb and secondly as noun. The table also shows that the verb was used
more frequently than the noun with 2 and 1 frequency each. The difference in frequency of use affected both ranking in the word frequency list
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with the verb located in the 164" and the noun down to the 431% in ranking. So, the table proves that both words had been separated accordingly
by the software.

Table 6: The example of ambiguous words extracted according to tagging

N Word Frequency Percentage Text Percentage
69 el Jeagi 4 0.17 1 20.00
98 pasnd Jia s 3 0.13 1 20.00

Table 6 indicates the example of ambiguous words in the word J s where the first word is used as noun and the second word is imperfect verb.
By analyzing the frequency of both words, it can be determined they are quite popular words in the data compared to words in table 4 and 5. This
table might be useful to prove how important the tagging process to this kind of analysis in separating between ambiguous words at high frequency.
Therefore, the use of this software is also very useful to analyze the large data which contains millions of words and extract them into frequencies
precisely if the data had been pre-tagged before the analysis.

Table 7: The example of ambiguous words extracted according to tagging

N Word Frequency Percentage Text Percentage
73 el (il 4 0.17 1 20.00
516 plad (il 1 0.04 1 20.00

Table 7 above shows another example of ambiguous words used in the analyzed data. The word u=é> as noun was used more frequently than the
perfect verb (=éx with 4 and 1 frequency each. As other tables before, it proves the availability of this software to sort out the ambiguous words

with preliminary work of tagging.

Table 8: The example of ambiguous words extracted according to tagging

N Word Frequency Percentage Text Percentage
813 T ik 1 0.04 1 20.00
814 JRIEgRES 1 0.04 1 20.00

Table 8 proves similar fact about the role of tagging process in automatics Arabic word analysis. It shows that the software is capable to differentiate
between verb classification is long as different tagging were given to each class of word. The example above shows that both words are verb but
the first verb was used in passive, and the second verb is active.

6. CONCLUSION

In conclusion, it could be stated that several critical issues appeared in tagging Arabic texts. The existence of Wordsmith software that is capable
to differentiate the word characters between spaces requires only minimal tagging. However, it still needs a lot of work in separating between
words in one character as explained before. This problem occurs more complicatedly in Arabic compared to in other languages. This problem
causes other problems which make the tagging and separating process more complicated as discussed previously. Despite this situation, this manual
tagging is only preferable for the small corpus that was compiled for specifics aims like this present study. It is not suitable for a large corpus that
was built for the use of other researchers generally with various aims and scopes.

The determination on what extent the tagging process will go on in manual tagging specifically depends on researcher’s aim of study.
That is because executing on manual tagging in a very detailed Part of Speech (PoS) as the automatics tagging does is time consuming. Therefore,
it is advice that the researcher only studies selected PoS and does tagging on that area. As a result, the automatics software analyzer only will come
out with the targeted output. The basis of tagging process is the researcher must try to make the ambiguous words physically different by putting
variation of tag set to make the analysis software treat them as a different character.

Generally, tagging process for this present corpus involves two steps. The first step is to separate words into one character. The purpose
of this process is to enable the analyzer software to compile the frequency of similar words in one entry. The second step is to place the grammatical
tagging into the ambiguous words. If this process is not done, the analyzer software would compile all words that are physically similar into one
entry regardless of their grammar classification, for example the verb i and the noun & into one entry which is defect for language analyzing.
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Appendix
Proposed Tag set
DESCRIPTION TAG

NOUN a)

3k ) gald anl il

st i) pald and &l

fea sl Jali ol zlal

I jde S gald anl Caadl

e e pali o Caedl

Eex S alis ol e

Jjie e ald ol Cazal

P PR SV E Gizal

aex e pald ol )

2 e ddua ple aul Caiac)

‘51.1.4 PEION e\.c (;.ul‘ Cuac)

aen Adaole aul zaac!

2 yia Jeli sl ol cale

e Jelile aul Sle

g deliple o el

38 pe ole ol e

e e ale aul Cize)

g o ple ol e
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S Gk ale and sl
ey sk ale ad kel
Jsea 5 ple aac
e s 5e ple aul Caee|
e Usasaple ol e
4 jhas ale aul e
e Jhaaale aul Gaae
e s ple aul ze!
S Jacadi e aud e
Ciiga Jauadi le aud e
VERB Jadll
pslra e gl Jed puad
Jsene 2ma g jliaa Jad g ad
pstra e g sl Jed f—
Jsene e g jliaa Jab sl
e 3 e & jlias Jad Eaaad
tie 2 3e g jlima Jed Craniad
p sl 2 2e pale Jab pad
Jsease 3 an pale Jab T
pslra 2 5e (ale 2 pacd
Useae 25 pale od Tsd
e 3 e abe Jad Eined
e 2 3e e b Ciadd
2% 3 yaa el Jad s
fan iy el Jad e
e e yal Jad I
ke 33e el Jad Caalé
e 3 3a gl Jai ulé
e 2 el Jad eld
PARTICLE <Al
o la
&l i
) =
B i
L s

License: This is an open access article under the CC BY 4.0 license: https://creativecommons.org/licenses/by/4.0/

Corresponding Author: Zainur Rijal Abdul Razak Page 1619|1619


https://doi.org/10.65150/EP-jsshrs/V2E8/2026-31
https://creativecommons.org/licenses/by/4.0/

